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Abstract. Taking into account the peculiarities of using the MAX86150 evaluation system for measuring ECG and PPG signals, mathematical models were 

developed for indirect determination of systolic and diastolic pressure using fingers on the hand, which were tested in the MATLAB environment. Received 

ECG and PPG signals. Based on the proposed mathematical models, ECG and PPG signals were processed in the MATLAB package and the results 
of indirect measurement of blood pressure were presented. 
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MODELOWANIE I ANALIZA SKURCZOWEGO I ROZKURCZOWEGO CIŚNIENIA KRWI 

Z WYKORZYSTANIEM SYGNAŁÓW EKG I PPG 

Streszczenie. Biorąc pod uwagę specyfikę wykorzystania systemu oceny MAX86150 do pomiaru sygnałów EKG i PPG, opracowano modele matematyczne 
do pośredniego określania ciśnienia skurczowego i rozkurczowego używając palców dłoni, które zostały przetestowane w środowisku MATLAB. 

Otrzymano sygnały EKG i PPG. W oparciu o zaproponowane modele matematyczne, sygnały EKG i PPG zostały przetworzone w pakiecie MATLAB 

oraz przedstawiono wyniki pośredniego pomiaru ciśnienia krwi. 

Słowa kluczowe: ciśnienie skurczowe, ciśnienie rozkurczowe, sygnały EKG i PPG, pomiar, metoda określania ciśnienia krwi 

Introduction 

Determination of human blood pressure both in a static 

position (standing, sitting, or lying down) and during dynamic 

movements (when walking, running, or performing other physical 

exercises) is carried out by many researchers [2, 6, 8, 11, 17, 20, 

35]. There are many different methods for determining systolic 

and diastolic pressure. All of them are implemented using 

different devices and sensors, as well as different mathematical 

expressions (formulas) for calculating blood pressure [2, 6, 11, 

17]. At the same time, the accuracy of determining blood pressure 

(BP) values is different.  

Therefore, the development and study of a mathematical 

model for accurate determination of human systolic and diastolic 

pressure on the fingers of the hand only by ECG and PPG signals 

for use in an electronic stethoscope [6, 35] with a diameter 

of 50 mm to expand its functionality is an urgent scientific task. 

As a result of the analysis and research of existing methods 

and algorithms for determining blood pressure, it was found 

that many of them are difficult to apply in practice and have 

low accuracy and sensitivity in determining systolic and diastolic 

pressure for people of different ages with different values of blood 

pressure (BP). At the same time, the mathematical apparatus 

for determining blood pressure used by different researchers 

is interpreted and applied in different ways. In addition, different 

researchers use different equipment and the resulting waveforms 

as a result of the experiments are also different. Waveforms 

sometimes differ from those theoretical (fundamental) information 

that is described in the literature [2, 8, 17].  

Therefore, in order to expand the functionality of the 

electronic stethoscope [35], we developed and studied 

in the MATLAB environment an algorithm for indirectly 

determining systolic and diastolic pressure from ECG and PPG 

signals received from the fingers, which is based on two different 

approaches to calculating blood pressure. 

1. System for measuring ECG and PPG signals 

The MAX86150 Evaluation System equipment was used 

for the experiments (Fig. 1). The MAX86150 Evaluation System 

provides a proven platform to evaluate the MAX86150 integrated 

photoplethysmogram (PPG) and 1-lead electrocardiogram (ECG) 

sensor module [34]. The Evaluation System consists of two 

boards that connect through header pins: a MAX32630FTHR 

microcontroller board and a MAX86150 evaluation kit.

The MAX32630FTHR houses a microcontroller with preloaded 

firmware, Bluetooth communication, and power management. 

The sensor board contains the MAX86150 module and two 

stainless steel dry electrodes for ECG measurement. 

The Evaluation kit is powered by the included lithium ion battery, 

which is charged with a micro-USB cable [34]. Based 

on this evaluation system, we obtained the results 

of measurements of ECG and PPG signals using only fingers. 

The measurements were carried out on several patients of different 

ages (42 years old – patient 1 and 66 years old – patient 2). 

The obtained measurement results were saved in CSV files, 

and according to the algorithm proposed below, using 

the MATLAB platform, the values of systolic (SBP) and diastolic 

(DBP) pressure of these patients were determined. 

2. Mathematical models for determining blood 

pressure from ECG and PPG signals  

As a result of long-term measurement of ECG and PPG 

signals using fingers on the hand, a database of two patients was 

obtained, signal fragments from which are shown in Fig. 2.  

For clarity and a detailed description of the methodology 

for determining systolic and diastolic pressure, we have identified 

one period of the ECG and PPG signals, which is shown in Fig. 3. 

Fig. 2 and Fig. 3 show that the PPG signals we received using 

the MAX86150 Evaluation System have a slightly different shape 

(inverse) and differ from the PPG signal shapes that were obtained 

in literature sources [2, 17, 34]. This may be due to the use 

of different equipment and software when measuring ECG 

and PPG signals. 

To determine the pulse transit time interval, which 

characterizes the systolic pressure ptt, we calculated the difference 

between the t2 interval and the t1 interval 

 ptt = t2 – t1 (1) 

At the same time, the t2 interval was defined as the difference 

between the ECG signal peak and the PPG signal minimum, 

and the t1 interval was defined as the difference between 

the ECG signal peak and the PPG signal maximum (Fig. 3). 

Then the number of samples corresponding to the interval 

ptt between the extrema of the ECG and PPG signals 

was converted at time ts (ms) taking into account the sampling 

frequency (which was 200 kHz) according to the formula 

 ts = (ptt/200)*1000 (2) 
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Fig. 1. The MAX86150 Evaluation System equipment was used for the experiments 

Taking into account the above formulas (1) and (2), 

as well as the recommendations of previous studies by other 

authors [5, 15, 20], we determined the systolic pressure (SBP) 

using two different formulas 

 SBP1 = a1·ts + b1 (3) 

 SBP2 = a2/t2 + b2 (4) 

The diastolic pressure (DSP) of the two patients was also 

determined using two different formulas 

 DBP1 = a1·t1 + b1 (5) 

 DBP2 = a2/t1 + b2 (6) 

There are a large number of mathematical models 

for indirectly determining blood pressure from ECG and PPG 

signals, which are presented in [32]. Various styles of equations 

are applied, such as linear, quadratic, exponential and others, 

which are based on different deduction processes. For example, 

the model (4) reflects the reverse correlation between PTT 

and SBP shown by large amounts of studies, based on the fact that 

a high SBP will reduce the time consumed by the pressure pulse 

to propagate from the proximal to the distal sites, and vice 

versa [13].  

As a result of the analysis and experimental studies of various 

styles of equations, as well as based on the recommendations 

of other researchers [13, 15, 20, 32], we have chosen only 

two models for indirect determination of blood pressure, which 

are represented by equations (3) – (6). Other styles of equations 

were either weakly sensitive to changes in blood pressure or did 

not significantly affect the accuracy of the indirect determination 

of systolic and diastolic pressure. 

In the first method for calculating blood pressure (SBP1 and 

DBP1), the coefficients a1 and b1 of the linear equation (3) were 

taken equal to a1 = -0.5 and b1 = 164 to determine the systolic 

pressure of SBP1, as well as a1 = -0.05 and b1 = 125 to determine 

the diastolic pressure DBP1 (5), based on their numerical values 

previously presented (calculated) in the literature [3, 14]. 

a)  

b)  

Fig. 2. Illustration a typical waveform of the PPG and ECG: a) the ECG signal; b) the PPG signal 
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Fig. 3. Calculation of PTT from the time taken for the heart beat pulse to arrive 

in the finger PPG signal 

To calculate blood pressure by the second method (SBP2 

and DBP2), the values of the coefficients a2 and b2 of equations (4) 

and (6) were calculated based on the experimentally determined 

values of the signals pttS = 640 ms, pttD = 140 ms (reference 

values) and the values of the so-called normal blood pressure 

SBPnormal = 120 mmHg, and DBPnormal = 80 mmHg according 

to the data of the American Heart Association [7, 33] through 

the solution of the system of equations 

 {
SBPnormal  =

𝑎2

ptt𝑆
 +  b2

DBPnormal  =
𝑎2

ptt𝐷
 +  b2

 (7) 

Having solved the system of equations (7) taking into account 

the known values of normal pressure, the numerical values 

of the coefficients a2 = -7170.87 and b2 = 131.22 were obtained, 

which were used to process the obtained values of the measured 

ECG and PPG signals from several healthy people of different 

ages for determination of blood pressure by formulas (4) and (6) 

using the MATLAB package. 

Based on the principles of dependence of systolic pressure 

on diastolic pressure, which are detailed in [9, 17, 22, 31] 

and taking into account the expressions for determining the value 

of the mean blood pressure (MBP) 

 MBP = SBP/3 + 2·DBP/3 (8) 

as well as the aforementioned normal blood pressure values 

SBPnormal = 120 mmHg, and DBPnormal = 80 mmHg according 

to the American Heart Association data [7, 33], which can 

be used to determine the normal mean blood pressure value: 

MBPnormal = SBPnormal/3+2·DBPnormal/3 = 93.33 mmHg. 

Given the normal mean blood pressure value MBPnormal from 

expression (8), an equation was obtained to determine the diastolic 

pressure DBP through the values of the systolic pressure SBP 

 DBP = 1.5·(MBPnormal – SBP/3) (9) 

Measurements of blood pressure were carried out and, 

according to the experimental data obtained above, the values 

of systolic pressure were determined in two ways – according 

to the formula (3) and according to the formula 

 SBP2 = a2/ts + b2 (10) 

Based on certain values of systolic pressure (3) and (10), 

taking into account equation (9), the values of diastolic pressure 

were determined in two ways 

 DBP1 = 1,5(MBPnormal - [a1·ts + b1]/3) (11) 

 DBP2 = 1,5(MBPnormal - [a2/ts + b2]/3) (12) 

Based on the above mathematical models (1) – (12) 

for determining blood pressure, experimental data were obtained 

for indirect measurement of systolic and diastolic pressure 

of two patients aged 42 and 66 years. The calculations were 

carried out in the MATLAB environment and the results 

of the studies are presented in the next section. 

3. Results of measurements of blood pressure 

The experimental blood pressure values of two patients 

of different ages, which are calculated by formulas (3) and (5) 

are method 1. They are presented in table 1. And those calculated 

by formulas (4) and (6) are method 2. They are presented 

in table 2. 

Characteristics of changes in systolic and diastolic pressure 

in two patients of different ages, obtained based on the use 

of two different methods for determining blood pressure from 

ECG and PPG signals, are shown in Fig. 4. 

The results of a study of another approach in determining 

blood pressure using linear (3) and non-linear (10) models 

for determining systolic pressure, as well as mathematical models 

(11) and (12) for determining diastolic pressure determined based 

on the mean arterial pressure (MBP) are presented in table 3 

and 4. 

Table 1. The experimental data to determine the blood pressure of two people – the 

first method 

Method 1 

Patient 1 Patient 2 

SBP 

[mmHg] 

DBP 

[mmHg] 

SBP 

[mmHg] 

DBP 

[mmHg] 

112.5 84 104.5 84 

111.75 89 112.5 84 

117 86.5 112.25 91.5 

119.5 56.5 112.5 96.5 

113 86.5 112 81.5 

162.25 84 114.5 76.5 

112.75 84 111.5 99 

113.25 89 112.5 89 

112.5 89 112 89 

111.5 99 113.25 89 

113.75 76.5 111.75 89 

113.25 84 112 81 

112.75 94 111.25 81.5 

112.25 91.5 111.75 84 

113 86.5 112 79 

113.25 84 111.5 84 

117.5 76.5 112 81.5 

118 64 111.75 79 

117 66.5 111 86.5 

117.75 64 112 81.5 

Mean Mean Mean Mean 

116.7 81.75 111.73 85.35 

uA(SD) uA(SD) uA(SD) uA(SD) 

10.99 11.12 1.86 5.84 
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Fig. 4. Characteristics of changes in systolic and diastolic pressure in two patients of different ages 

Table 2. The experimental data to determine the blood pressure of two people – the 

second method 

Method 2 

atient 1 Patient 2 

SBP 

[mmHg] 

DBP 

[mmHg] 

SBP 

[mmHg] 

DBP 

[mmHg] 

113.73 86.4 118.64 90.24 

113.94 83.41 113.73 90.24 

108.46 84.96 113.29 90.24 

109.16 97.87 112.59 90.24 

113.07 84.96 114.35 90.24 

143.48 86.4 112.59 90.24 

113.51 86.4 113.29 76.06 

112.59 83.41 113.29 83.41 

113.29 83.41 113.73 83.41 

113.29 76.06 112.59 83.41 

113.29 90.24 113.94 83.41 

113.07 86.4 114.35 87.76 

112.59 80 114.92 87.76 

113.29 81.77 114.35 86.4 

113.07 84.96 114.54 89.04 

113.07 86.4 114.54 90.24 

109.16 90.24 114.35 90.24 

110.13 95.37 114.74 90.24 

111.02 94.45 114.74 90.24 

110.43 95.37 114.35 87.76 

Mean Mean Mean Mean 

113.68 86.92 114.15 87.54 

uA(SD) uA(SD) uA(SD) uA(SD) 

7.22 5.54 1.29 3.82 

 

Characteristics of changes in systolic and diastolic pressure 

in two patients of different ages, obtained on the basis of using 

a different method for determining blood pressure using the mean 

arterial pressure (MBP) are shown in Fig. 5. 

Based on the results of experimental studies of systolic 

and diastolic pressure, the uncertainty of type A measurements 

[1, 4, 10, 12, 16, 18, 19, 21, 23–30] was calculated using 

the formula  

 𝑢𝐴 = [
∑ (𝐵𝑃𝑖−𝐵𝑃̅̅ ̅̅ )2𝑛

𝑖

𝑛(𝑛−1)
]

0.5

 (13) 

 

Table 3. The experimental data to determine the blood pressure of two people 

another approach – models (3) and (10) 

Method 1 

Patient 1 Patient 2 

SBP 

[mmHg] 

DBP 

[mmHg] 

SBP 

[mmHg] 

DBP 

[mmHg] 

112.5 83.75 112 84 

111.75 84.12 111.25 84.37 

110 85 111.75 84.12 

113 83.5 112 84 

112.5 81.5 112.25 83.88 

113.25 83.37 112 84 

112.75 83.62 112 84 

113.25 83.37 112.5 83.75 

111.25 84.37 111.75 84.12 

112.5 83.75 110 85 

111.5 84.25 112.25 83.88 

113.75 83.13 112 84 

115.25 82.38 111.5 84.25 

113.25 83.37 113 83.5 

112.5 83.75 112.5 83.75 

112.75 83.62 113.75 83.13 

112.25 83.88 112.75 83.62 

113 83.5 113.25 83.37 

113.25 83.37 112 84 

112.25 83.88 113.25 83.37 

114 83 111.25 84.37 

114.75 82.62 112.25 83.75 

117.75 81.12 111.5 84.25 

Mean Mean Mean Mean 

113 83.4 112.12 83.93 

uA (SD) uA(SD) uA(SD) uA(SD) 

1.52 0.86 0.79 0.4 

 

Comparing the obtained values of type A measurement 

uncertainties (standard deviations SD in table 1 – 4), which 

are obtained using two different approaches to determine systolic 

and diastolic pressures (table 1 – 4), it can be seen that 

the deviations are much smaller when using the second approach 

to determine systolic and diastolic pressures (table 3 and 4).
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That is, when determining the systolic pressure SBP through 

the values of ts (the number of readings between the maxima 

of the ECG and PPG signals) and determining the value 

of the diastolic pressure DBP based on it, taking into account 

the normal mean blood pressure value MBPnormal. 

As the research results showed, when using the first approach 

to determine blood pressure (Table 1 and 2) according to formulas 

(3) and (5), (4) and (6), the second method of calculating blood 

pressure was more accurate - when using formulas (4) and (6). 

The type A measurement uncertainty in the first patient 

was 7.22 mmHg for SBP and 5.54 mmHg for DBP. In the second 

patient, this measurement uncertainty was 1.29 mmHg for SBP 

and 3.82 mmHg for DBP. 

And as the research results showed, when using the second 

approach to determine blood pressure (Table 3 and 4) using 

formulas (3) and (11), (10) and (12), the first method 

for calculating blood pressure was more accurate - when using 

formulas (3) and (11). The type A measurement uncertainty 

in the first patient was 1.52 mmHg for SBP and 0.86 mmHg 

for DBP. In the second patient, this measurement uncertainty 

was 0.79 mmHg for SBP and 0.4 mmHg for DBP. 

 

Fig. 5. Characteristics of changes in systolic and diastolic pressure in two patients of different ages using the mean arterial pressure (MBP) 

Table 4. The experimental data to determine the blood pressure of two people 

another approach - models (11) and (12) 

Method 2 

Patient 1 Patient 2 

SBP 

[mmHg] 

DBP 

[mmHg] 

SBP 

[mmHg] 

DBP 

[mmHg] 

112.54 83.73 113.64 83.18 

114.16 82.92 115.14 82.43 

117.32 81.34 114.16 82.92 

111.34 84.33 113.64 82.73 

112.54 83.73 113.64 83.18 

110.71 84.65 113.64 83.18 

111.95 84.02 113.64 83.18 

110.71 84.65 112.54 83.73 

115.14 82.43 114.16 82.92 

112.54 83.73 117.32 81.34 

114.66 82.67 113.1 83.45 

109.35 85.33 113.64 83.18 

104.75 87.78 114.66 82.67 

110.71 84.64 111.34 84.33 

112.54 83.73 112.54 83.73 

111.95 84.02 109.35 85.33 

113.1 83.45 111.95 84.02 

111.34 84.33 110.71 84.65 

110.71 84.65 113.64 83.18 

113.1 83.45 110.71 84.65 

108.63 85.69 115.14 82.43 

106.24 86.88 112.54 83.73 

121.33 79.34 114.66 82.67 

Mean Mean Mean Mean 

112.06 83.98 113.28 83.34 

uA(SD) uA(SD) uA(SD) uA(SD) 

3.39 1.71 1.72 0.87 

4. Conclusions 

Studies of indirect determination of systolic and diastolic 

blood pressure from ECG and PPG signals using the MAX86150 

Evaluation System were carried out. The proposed algorithms 

for determining blood pressure can be used to expand 

the functionality of an electronic stethoscope. The studies were 

carried out in the laboratory on two patients of different ages using 

two different methods for determining blood pressure using 

the MATLAB pack-age. 

Considering the peculiarities of using the MAX86150 

Evaluation System for measuring ECG and PPG signals, 

our group developed mathematical models for indirect 

determination of systolic and diastolic pressure using fingers 

on the hand, which were tested in the MATLAB environment. 

A database of ECG and PPG signals was obtained from two 

patients aged 42 and 66 years. Based on the proposed 

mathematical models, ECG and PPG signals were processed 

in the MATLAB package and the results of indirect measurement 

of blood pressure were presented (table 1 and 2). The algorithm 

for determining blood pressure using mathematical models (3) 

and (11) gives the highest accuracy. In this case, diastolic pressure 

was determined based on the mean blood pressure. 

References 

[1] Asgharnezhad H., Shamsi A., Bakhshayeshi I., Alizadehsani R., Chamaani S., 

Alinejad-Rokny H.: Improving PPG Signal Classification with Machine 

Learning: The Power of a Second Opinion. In IEEE 24th International 

Conference on Digital Signal Processing (DSP), 2023, 1–5. 

[2] Chao P. C. P., Wu C. C., Nguyen D. H., Nguyen B. S., Huang P. C., Le V. H.: 

The machine learnings leading the cuffless PPG blood pressure sensors into 

the next stage. IEEE Sensors Journal 21(11), 2021, 12498–12510. 

[3] Chiu Y. C., Arand P. W., Shroff S. G., Feldman T., Carroll J. D.: Determination 

of pulse wave velocities with computerized algorithms. American heart journal 

121(5), 1991, 1460–1470. 

[4] Dutt D., Shruthi S.: Digital processing of ECG and PPG signals for study 

of arterial parameters for cardiovascular risk assessment. In IEEE International 

conference on communications and signal processing (ICCSP), 2015, 

1506–1510. 

[5] Fortino G., Giampà V.: PPG-based methods for non invasive and continuous 

blood pressure measurement: an overview and development issues in body 

sensor networks. IEEE International Workshop on Medical Measurements 

and Applications, Ottawa, ON, Canada, 2010, 10–13. 

[6] Gómez-Quintana S., Schwarz C. E., Shelevytsky I., Shelevytska V., Semenova 

O., Factor A., Popovici E., Temko A.: A framework for AI-assisted detection 

of patent ductus arteriosus from neonatal phonocardiogram. In Healthcare 9(2), 

2021, 169. 

70

80

90

100

110

120

1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16 17 18 19 20 21 22 23

[mmHg] 
The second approach in determining blood pressure 

SBP - Patient1 - M1

SBP - Patient1 - M2

SBP - Patient2 - M1

SBP - Patient2 - M2

DBP - Patient1 - M1

DBP - Patient2 - M1

DBP - Patient1 - M2

DBP - Patient2 - M2



10      IAPGOŚ 3/2023      p-ISSN 2083-0157, e-ISSN 2391-6761 

[7] Haque C. A., Kwon T.-H., Kim K.-D.: Cuffless Blood Pressure Estimation 

Based on Monte Carlo Simulation Using Photoplethysmography Signals. 

Sensors 22, 2022, 1175. 

[8] Kachuee M., Kiani M. M., Mohammadzade H., Shabany M.: Cuffless blood 

pressure estimation algorithms for continuous health-care monitoring. 

IEEE Transactions on Biomedical Engineering 64(4), 2016, 859–869. 

[9] Kao Y. H., Chao P. C. P., Wey C. L.: Design and validation of a new PPG 

module to acquire high-quality physiological signals for high-accuracy 

biomedical sensing. IEEE J. Sel. Top. Quantum Electron 25, 2019, 18159167. 

[10] Liang Y., Chen Z., Ward R., Elgendi M.: Hypertension assessment via ECG and 

PPG signals: An evaluation using MIMIC database. Diagnostics 8(3), 2018, 65. 

[11] Man P. K., Cheung K. L., Sangsiri N., Shek W. J., Wong K. L., Chin J. W., 

Chan T. T., So R. H. Y.: Blood Pressure Measurement: From Cuff-Based 

to Contactless Monitoring. In Healthcare 10(10), 2022, 2113.  

[12] Morresi N., Casaccia S., Sorcinelli M., Arnesano M., Revel G.: Analysing 

performances of Heart Rate Variability measurement through a smartwatch. 

In 2020 IEEE International Symposium on Medical Measurements 

and Applications (MeMeA), 2020, 1–6. 

[13] Mukkamala R., Hahn J. O., Inan O. T., Mestha L. K., Kim C. S., Töreyin H., 

Kyal S.: Toward Ubiquitous Blood Pressure Monitoring via Pulse Transit Time: 

Theory and Practice. In IEEE Transactions on Biomedical Engineering 62(8), 

2015, 1879–1901. 

[14] Payne R. A., Symeonides C. N., Webb D. J., Maxwell S. R.: Pulse transit time 

measured from the ECG: An unreliable marker of beat-to-beat blood pressure. 

J. Appl. Physiol. 100, 2006, 136–141. 

[15] Pour Ebrahim M., Heydari F., Wu T., Walker K., Joe K., Redoute J. M., Yuce 

M. R.: Blood pressure estimation using on-body continuous wave radar 

and photoplethysmogram in various posture and exercise conditions. Scientific 

Reports 9(1), 2019, 1–13. 

[16] Rundo F., Petralia S., Fallica G., Conoci S.: A nonlinear pattern recognition 

pipeline for PPG/ECG medical assessments. In Convegno Nazionale Sensori, 

2018, 473–480.  

[17] Samimi H., Dajani H. R.: Cuffless Blood Pressure Estimation Using Calibrated 

Cardiovascular Dynamics in the Photoplethysmogram. Bioengineering 9(9), 

2022, 446. 

[18] Semenov A., Osadchuk O., Semenova O., Bisikalo O., Vasilevskyi O., Voznyak 

O.: Signal Statistic and Informational Parameters of Deterministic Chaos 

Transistor Oscillators for Infocommunication Systems. 2018 International 

Scientific-Practical Conference Problems of Infocommunications Science 

and Technology, 2019, 8632046, 730–734.  

[19] Shabaan M., Arshid K., Yaqub M., Jinchao F., Zia M., Bojja G., Iftikhar M., 

Ghani U., Ambati L., Munir R.: Survey: smartphone-based assessment 

of cardiovascular diseases using ECG and PPG analysis. BMC medical 

informatics and decision making, 2020, 1–6. 

[20] Sharma M., Barbosa K., Ho V., Griggs D., Ghirmai T., Krishnan S. K., Hsiai T. 

K., Chiao J. C., Cao H.: Cuff-less and continuous blood pressure monitoring: 

a methodological review. Technologies 5(2), 2017, 21. 

[21] Trishch R., Nechuiviter O., Dyadyura K., Vasilevskyi O., Tsykhanovska I., 

Yakovlev M.: Qualimetric method of assessing risks of low quality products. 

MM Science Journal 2021(4), 2021, 4769–4774. 

[22] Tseng T. J., Tseng C. H.: Cuffless blood pressure measurement using 

a microwave near-field self-injection-locked wrist pulse sensor. IEEE Trans. 

Microw. Theory Tech 68, 2020, 4865–4874. 

[23] Vasilevskyi O. M., Yakovlev M. Y., Kulakov P. I.: Spectral method to evaluate 

the uncertainty of dynamic measurements. Technical Electrodynamics 4, 2017, 

72–78. 

[24] Vasilevskyi O. M.: A frequency method for dynamic uncertainty evaluation 

of measurement during modes of dynamic operation. International Journal 

of Metrology and Quality Engineering 6(2), 2015, 202. 

[25] Vasilevskyi O. M.: Assessing the level of confidence for expressing extended 

uncertainty: a model based on control errors in the measurement of ion activity. 

Acta IMEKO 10(2), 2021, 199–203. 

[26] Vasilevskyi O. M.: Calibration method to assess the accuracy of measurement 

devices using the theory of uncertainty. International Journal of Metrology 

and Quality Engineering 5(4), 2014, 403. 

[27] Vasilevskyi O. M.: Metrological characteristics of the torque measurement of 

electric motors. International Journal of Metrology and Quality Engineering 8, 

2017, 7. 

[28] Vasilevskyi O., Koval M., Kravets S.: Indicators of reproducibility 

and suitability for assessing the quality of production services. 

Acta IMEKO 10(4), 2021, 54–61. 

[29] Vasilevskyi O., Kulakov P., Kompanets D., Lysenko O. M., Prysyazhnyuk V., 

Wójcik W., Baitussupov D.: A new approach to assessing the dynamic 

uncertainty of measuring devices. Proc. SPIE 10808, 2018, 728–735. 

[30] Vasilevskyi O., Voznyak O., Didych V., Sevastianov V., Ruchka O., Rykun V.: 

Methods for Constructing High-precision Potentiometric Measuring Instruments 

of Ion Activity. In 2022 IEEE 41st International Conference on Electronics 

and Nanotechnology (ELNANO), 2022, 247–252. 

[31] Wang H. S. J., Yeh M. H., Chao P. C. P., Tu T. Y., Kao Y. H., Pandey R.: A fast 

chip implementing a real-time noise resistant algorithm for estimating blood 

pressure using a non-invasive, cuffless PPG sensor. Microsyst. Technol 26, 

2020, 3501–3516. 

[32] Zhang Q., Zeng X., Hu W., Zhou D.: A Machine Learning-Empowered System 

for Long-Term Motion-Tolerant Wearable Monitoring of Blood Pressure 

and Heart Rate With Ear-ECG/PPG. In IEEE Access 5, 2017, 10547–10561. 

[33] American Heart Association. [https://www.heart.org/en/] (access 08/07/2023). 

[34] AnalogDevices Homepage [https://www.analog.com/media/en/technical-

documentation/data-sheets/MAX86150EVSYS.pdf] (access 2023/08/07). 

[35] THINKLABS Homepage [https://www.thinklabs.com/] (access 2023/08/07). 

 
 

D.Sc. Eng. Oleksandr Vasilevskyi 

e-mail: oleksandr.vasilevskyi@austin.utexas.edu 

 

Doctor of Technical Sciences, professor, senior 

research of the Department of Mechanical 

Engineering, University of Texas at Austin (USA). 

The badge "For scientific and educational 

achievements" (2020). Laureate of the Prize 

of the Verkhovna Rada of Ukraine for young scientists 

(2019). Excellence in Education of Ukraine. 

Scholarship holder of the Cabinet of Ministers 

of Ukraine for young scientists (2018–2020). 

Academician of the Academy of Metrology 

of Ukraine, an official representative from Ukraine 

in the IMEKO. Author of more than 215 publications, 

including 3 monographs, 3 collective monographs, 

17 textbooks, 5 patents for inventions, more than 

110 scientific articles in peer-reviewed journals, 

25 of them in the Scopus (h-index = 13). 

 

http://orcid.org/0000-0002-8618-0377 

 

Dr. Emanuel Popovici  

e-mail: e.popovici@ucc.ie  

 

Ph.D., associate professor of the Department 

of Electrical and Electronic Engineering at University 

College Cork (UCC). His research interests 

include low power embedded systems design 

for efficient, reliable and secure computing 

and communications. He has published more 

than 176 papers in the Scopus (h-index = 26) 

and co-authored more than 10 papers distinguished 

by the IEEE, IET, MIDAS, and IARIA. His students 

achieved more than 20 awards and distinctions. 

His research is sponsored by SFI, Entersprise Ireland, 

IDA/Synopsys, NSF, Invest-NI, EU-FP7, Industry, 

IRCSET/IRC. 

 

http://orcid.org/0000-0001-6813-5030 

 

Dr. Volodymyr Sarana 

e-mail: vsarana@ucc.ie 

 

Ph.D., associate professor, Post-Doctoral Researcher 

of the Department of Electrical and Electronic 

Engineering at University College Cork (UCC). 

Author of more than 20 publications, including 

2 textbooks and more than 15 scientific articles 

in professional journals, of which 5 are in 

scientometric databases Scopus and Web of Science. 

 

 

 

http://orcid.org/0000-0002-7778-3176  

 


